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Contact

Department of Statistics and Data Science, E-mail ghooker@wharton.upenn.edu
409 Academic Research Building Phone: +1 (215) 898-8222
University of Pennsylvania
265 South 37th Street
Philadelphia, PA 19104-1686

Education

PhD Statistics, Stanford University 2004.

MSc Statistics, Stanford University, 2002.

BSc Mathematics Honours 1, Australian National University, 1999.

BA Political Science, Australian National University, 1998.

Honours and Awards

2011 NSF CAREER Award

2004 TA of the Year, Department of Statistics, Stanford University.

2004 Laha Travel Award, Institute of Mathematical Statistics

2003 TA Award - Department of Statistics, Stanford University.

2000 Fulbright Tim Matthews Memorial Award

2000 Shandong Province Award for Excellence in Teaching

1999 University Medal in Mathematics, Australian National University

1999 Hana Neumann Prize, Australian National University

1999 Australian National University Honours Scholarship

1997 University of New South Wales Summer Research Scholarship

http://statistics.wharton.upenn.edu
http://www.upenn.edu
https://www.gileshooker.com
https://modelmeanings.wordpress.com/
mailto:ghooker@upenn.edu
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Professional Experience

July 2023 - Professor, Department of Statistics and Data Science, University of Pennsyl-
vania

July 2021 - June 2023 Professor, Department of Statistics, University of California at
Berkeley.

July 2022 - June 2023 Deputy Chair

June 2021 - June 2023 Professor, Department of Statistics and Data Science and Depart-
ment of Computational Biology, Cornell University.

March 2019 - May 2021 Associate Professor, Department of Statistics and Data Science
and Department of Computational Biology, Cornell University.

May 2012 - March 2019 Associate Professor, Department of Biological Statistics and
Computational Biology and Department of Statistical Science, Cornell University.

July 2016 - December 2019 Director of Undergraduate Studies, Biometry and Statistics

June 2012 - June 2016 Director of Graduate Studies, Graduate Field of Statistics.

June 2012 - September 2013 Director of Graduate Studies, Graduate Field of Biometry.

August 2006 - May 2012 Assistant Professor, Department of Biological Statistics and
Computational Biology and Department of Statistical Science, Cornell University.

October 2004- August 2006 Post-Doctoral Fellow, McGill University.

June - September 2003 Intern, Robert Bosch Corp.

June 2002 - August 2002 Intern, AT&T Research.

Feb-July 2000 English Teacher, Chiang Chen Industrial Institute.

Dec 1999 - Feb 2000 Research Assistant, Research School of Information Sciences and
Engineering, Australian National University

Dec 1998 - Feb 1999 Intern, Commonwealth Bank of Australia.

Dec 1997 - Feb 1998 Research Scholar, University of New South Wales.

Visiting and Adjunct Positions

May 2014 - Visiting Fellow, Research School of Finance, Actuarial Studies and Applied
Statistics, Australian National University
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July 2013 - July 2021 Associate Professor, Department of Healthcare Policy and Research,
Weill Cornell Medical College.

April - June 2014 Health Care Analytics Working Group, IBM Research.

Feb - April 2014 Department of Biostatistics, Johns Hopkins University.

Sept - Dec 2013 Department of Mathematics and Statistics, University of Melbourne.

Sept - Dec 2010 Program on the Analysis of Object Data, Statistics and Applied Mathe-
matical Sciences Institute.

Grants Funded

NSF DEB-1933497, 2020: “Collaborative Research: A general approach to partitioning contri-
butions from multiple drivers affecting individuals, populations, and communities”, $750,000,
co-PI with S. Ellner, P. Adler and R. Snyder.

NSF TRIPODS 1740882, 2017: “Data Science for the Social Good”, $1,497,238, co-PI with
K. Weinberger, J. Kleinberg, S. Strogatz and D. Schmoys.

NSF DMS-1712554, 2017: “Statistical Inference Using Random Forests and Related Meth-
ods”, $335,078, PI with L. Mentch.

NVIDIA Hardware Grant, 2014: “Linking Convolutional Neural Networks, Random Forests
and Statistical Inference”, PI.

NIH R03DA036683, 2014: “Shortening the SOAPP-R: Computer-based opioid risk assess-
ment”, $160,579, co-PI with M. Finkelman.

NSF DEB-1353039, 2014: “Integral Projection Models for Populations in Varying Environ-
ments: Construction and Analysis”, $652,847, co-PI with S. Ellner, P. Adler and R. Snyder.

NSF DEB-125619, 2013: “Effects of Rapid Consumer Evolution on Community Dynamics:
predictions and Tests in a (Nearly) Natural Food Web”, $200,000, co-PI with S. Ellner and N.
Hairstone.

CTSC Community Engagement Award, 2011: “HCV Testing in NYC Commercial Sex Venues”,
$20,000, co-I with K. Marks and D. Daskalakis.

NSF CDI Type II 1125098, 2011: “Bircast: Novel Machine Learning Methods for Understand-
ing Continent-Scale Migration”, $1,217,895. co-I with S. Kelling, and T. Diettrich.

NSF DMS-1053252 CAREER, 2010: “Diagnostics and Experimental Design for Nonlinear
Dynamics”, $400,000. PI.

NSF CMG-0934735, 2009: “Functional modeling of climate-ecosystem dynamics”, $350,000,
co-PI with S. Ray and M. Friedl.
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NSF DEB-0813743, 2008: “Rapid Evolution and the Dynamics of Complex Ecological Com-
munities”, $539,957, co-PI with S. Ellner, L. Jones and N. Hairstone.

Hatch NYC-150446, 2007: “Experimental Design for Nonlinear Processes in Agriculture”,
$30,000, PI.

Books

Ramsay, James O. and Giles Hooker, 2017, “Dynamic Data Analysis: Modeling Data with
Differential Equations”, Springer.

Ramsay, James O., Giles Hooker and Spencer Graves, 2009, “Functional Data Analysis with
R and Matlab”, Springer.

Journal Papers and Book Chapters

1. Ghosal, Indrayudh, Yunzhe Zhou and Giles Hooker, 2024, “The Infinitesimal Jacknife and
Combinations of Models”, Statistical Science, in press.

2. Wawrzyniak, Kelly M., Giles Hooker, Matthew Finkelman, Susana C. O. Upegui, Rommer
A. O. Martinez, Adriana Bazoberry, David J. DiBenedetto, James O’Brien, Brent Young
and Carlos F. Bazoberry, 2024, “A novel method for conservation of supplemental oxygen:
A randomized, crossover study of the efficiency and non-inferiority of the OXFO System”,
Journal of Global Health Reports, in press.

3. Sikdar, Sharmistha, Giles Hooker and Vrinda Kadiyali, 2024, “Variable Importance Mea-
sures for Multivariate Random Forests”, Journal of Data Science, in press.

4. Zhou, Yunzhe, Peiru Xu and Giles Hooker, 2024, “A Generic Approach to Reproducible
Model Distillation”, Machine Learning, in press.

5. Stephen P. Ellner, Robin E. Snyder, Peter B. Adler, Christina M. Hernandéz and Giles Hooker,
“It’s about (taking up) space: discreteness of individuals and the strength of spatial coexis-
tence mechanisms”, Ecology, 92(4):e1548

6. Hernandéz, Christina M., Stephen P. Ellner, Robin E. Snyder and Giles Hooker, 2024, “The
natural history of luck: A synthesis study of structured population models”, Ecology Letters,
27:e14390.

7. Tan, Sarah, Giles Hooker, Paul Koch, Alberto Gordo and Rich Caruana, 2023, “Consid-
erations When Learning Additive Explanations for Black-Box Models”, Machine Learning,
112:3333–3359.

8. Hernández, Christina, Stephen P. Ellner, Peter B. Adler, Giles Hooker and Robin Synder,
2023, “An exact version of Life Table Response Experiment analysis, and the R package
exactLTRE”, Methods in Ecology and Evolution, 14(3):939-951.

http://www.springer.com/us/book/9781493971886?wt_mc=ThirdParty.SpringerLink.3.EPR653.About_eBook
http://www.springer.com/us/book/9781493971886?wt_mc=ThirdParty.SpringerLink.3.EPR653.About_eBook
http://www.springer.com/978-0-387-98184-0
http://www.springer.com/978-0-387-98184-0
https://arxiv.org/abs/2209.00147
https://arxiv.org/abs/2209.00147
https://doi.org/10.29392/001c.124467
https://doi.org/10.29392/001c.124467
https://doi.org/10.29392/001c.124467
https://doi.org/10.29392/001c.124467
https://doi.org/10.29392/001c.124467
https://link.springer.com/article/10.1007/s10994-024-06597-w
https://link.springer.com/article/10.1007/s10994-024-06597-w
http://doi.org/10.1002/ecy.4404
http://doi.org/10.1002/ecy.4404
http://doi.org/10.1002/ecy.4404
https://onlinelibrary.wiley.com/doi/epdf/10.1111/ele.14390
https://onlinelibrary.wiley.com/doi/epdf/10.1111/ele.14390
https://onlinelibrary.wiley.com/doi/epdf/10.1111/ele.14390
https://link.springer.com/article/10.1007/s10994-023-06335-8
https://link.springer.com/article/10.1007/s10994-023-06335-8
https://link.springer.com/article/10.1007/s10994-023-06335-8
http://doi.org/10.1111/2041-210X.14065
http://doi.org/10.1111/2041-210X.14065
http://doi.org/10.1111/2041-210X.14065
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9. Zhou, Yichen, Zhengze Zhou and Giles Hooker, 2023, “Approximation Trees: Statistical
Stability in Model Distillation”, Data Mining and Knowledge Discovery,
https://doi.org/10.1007/s10618-022-00907-3.

10. Zhou, Yichen and Giles Hooker, 2022, “Boulevard: Regularized Stochastic Gradient Boosted
Trees and Their Limiting Distribution”, Journal of Machine Learning Research, 23(183):1-
44.

11. Zhou, Yichen and Giles Hooker, 2023, “Tree Boosted Varying Coefficient Models”, Data
Mining and Knowledge Discovery, 36:2237-2271.

12. Ellner, Stephen P., Robin E. Snyder, Peter B. Adler and Giles Hooker, 2022, “Toward a
“Modern Coexistence Theory for Discrete and Spatial”, Ecological Monographs, 94(4):ecm.1548

13. Hooker, Giles and Hanlin Shang, 2022, “Selecting the Derivative of a Functional Covariate
in Scalar-on-Function Regression”, Statistics and Computing, 32(3),35-47.

14. Sinclair, David G. and Giles Hooker, 2022, “An Expectation Maximization Algorithm for
High-Dimensional Model Selection for the Ising Model with Misclassified States”, Journal
of Applied Statistics, 49:16, 4049-4068.

15. Hooker, Cliff, Claire Hooker and Giles Hooker, 2022, “Expertise, a Framework for our
Most Characteristic Asset and Most Basic Inequality”, Spontaneous Generations, 10(1) “The
Revolt Against Expertise” pp 27-35.

16. Zhou, Zhengze, Lucas Mentch and Giles Hooker, 2021, “V-Statistics and Variance Estima-
tion” Journal of Machine Learning Research, 22(287):1-48.

17. Giles Hooker, Lucas Mentch, and Siyu Zhou, 2021, “Unrestrected Permutation Forces Ex-
trapolation: Variable Importance Requires at least One More Model, or There is No Free
Variable Importance”, Statistics and Computing, 31(6):82.

18. Ellner, Stephen P., Peter B. Adler, Dylan Z. Childs, Giles Hooker, Tom E.X. Miller and
Mark Rees, 2021, “A critical comparison of integral projection and matrix projection models
for demographic analysis: Comment”, Ecology, Oct;103(10):e3605. doi: 10.1002/ecy.3605.
Epub 2022 Feb 4. PMID: 34897656.

19. Ghosal, Indrayudh and Giles Hooker, 2021, “Boosting Random Forests to Reduce Bias;
One-Step Boosted Forest and its Variance Estimate”, Journal of Computational and Graphi-
cal Statistics, 30(2):493-502.

20. Ye, Zi, Giles Hooker and Stephen P. Ellner, 2021, “Generalized Single Index Models and
Jensen Effects on Reproduction and Survival”, Journal of Agricultural, Biological, and En-
vironmental Statistics, 26:492-512.

21. Zhou, Zhengze, and Giles Hooker, 2021, “Unbiased Measurement of Feature Importance in
Tree-Based Methods”, Transactions in Knowledge Discovery and Data Mining, 15(2):1-21.

22. Snyder, Robin, Stephen P. Ellner and Giles Hooker, 2021, “Time and chance: using age
partitioning to understand how luck drives variation in reproductive success”, The American
Naturalist, 197(4):110-128.

https://link.springer.com/article/10.1007/s10618-022-00907-3
https://link.springer.com/article/10.1007/s10618-022-00907-3
https://link.springer.com/article/10.1007/s10618-022-00907-3
https://jmlr.org/papers/v23/21-0078.html
https://jmlr.org/papers/v23/21-0078.html
https://jmlr.org/papers/v23/21-0078.html
https://link.springer.com/article/10.1007/s10618-022-00863-y
https://link.springer.com/article/10.1007/s10618-022-00863-y
https://esajournals.onlinelibrary.wiley.com/doi/10.1002/ecm.1548
https://esajournals.onlinelibrary.wiley.com/doi/10.1002/ecm.1548
https://rdcu.be/cLYVG
https://rdcu.be/cLYVG
https://www.tandfonline.com/doi/full/10.1080/02664763.2021.1970121
https://www.tandfonline.com/doi/full/10.1080/02664763.2021.1970121
https://www.tandfonline.com/doi/full/10.1080/02664763.2021.1970121
https://spontaneousgenerations.library.utoronto.ca/index.php/SpontaneousGenerations/article/view/38196
https://spontaneousgenerations.library.utoronto.ca/index.php/SpontaneousGenerations/article/view/38196
https://spontaneousgenerations.library.utoronto.ca/index.php/SpontaneousGenerations/article/view/38196
http://jmlr.org/papers/v22/21-0575.html
http://jmlr.org/papers/v22/21-0575.html
https://link.springer.com/article/10.1007%2Fs11222-021-10057-z
https://link.springer.com/article/10.1007%2Fs11222-021-10057-z
https://link.springer.com/article/10.1007%2Fs11222-021-10057-z
https://pubmed.ncbi.nlm.nih.gov/34897656/
https://pubmed.ncbi.nlm.nih.gov/34897656/
https://pubmed.ncbi.nlm.nih.gov/34897656/
https://pubmed.ncbi.nlm.nih.gov/34897656/
https://www.tandfonline.com/doi/full/10.1080/10618600.2020.1820345
https://www.tandfonline.com/doi/full/10.1080/10618600.2020.1820345
https://www.tandfonline.com/doi/full/10.1080/10618600.2020.1820345
https://link.springer.com/article/10.1007/s13253-021-00452-4
https://link.springer.com/article/10.1007/s13253-021-00452-4
https://link.springer.com/article/10.1007/s13253-021-00452-4
https://dl.acm.org/doi/10.1145/3429445
https://dl.acm.org/doi/10.1145/3429445
https://www.journals.uchicago.edu/doi/10.1086/712874
https://www.journals.uchicago.edu/doi/10.1086/712874
https://www.journals.uchicago.edu/doi/10.1086/712874
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23. Warmenhoven, John, Norma Bargary, Dominik Liebl, Andrew Harrison, Mark Robinson,
Edward Gunning and Giles Hooker, 2021, “PCA of Waveforms and Functional PCA: A
Primer for Biomechanics”, Journal of Biomechanics, 116:110106.

24. Tredennick, Andrew T., Giles Hooker, Stephen P. Ellner and Peter B. Adler, 2021, “A practi-
cal guide to selecting models for exploration, inference, and prediction in ecology”, Ecology,
102.6:e03336.

25. Ye, Zi and Giles Hooker, 2020, “Local Quadratic Estimation of the Curvature in a Functional
Single Index Model”, Scandinavian Journal of Statistics, 47(4)1307-1338.

26. Ye, Zi, Giles Hooker and Stephen P. Ellner, 2020, “The Jensen Effect and Functional Single
Index Models: Estimating the Ecological Implications of Nonlinear Reaction Norms”, Annals
of Applied Statistics, 14(3):1326-12341.

27. Coleman, Tim, Lucas Mentch, Daniel Fink, Frank La Sort, Giles Hooker, Wesley Hochachka
and David Winkler, 2020, “Statistical Inference on Tree Swallow Migrations”, Journal of the
Royal Statistical Society, Series C, 69(4):973-989.

28. Hooker, Giles, Sophia Brumer, Christopher Zappa and Edward Monahan, 2020, “Inferences
to be Drawn from a Consideration of Power-Law Descriptions of Multiple Data Sets Each
Comprised of Whitecap Coverage, WB, and 10-m Elevation Wind Speed Measurements”, in
Recent Advances in the Study of Oceanic Whitecaps, P. Vlahos and E. C. Monahan (Eds).

29. Kilian, Nicole, Yongden Zhang, Lauren LoMonica, Giles Hooker, Derek Toomre, Choukri
Ben Mamoun and Andreas. M. Ernst, 2020, “Trafficking and Localization of S-Palmitoylated
Proteins in Plasmodium falciparum-Infected Erythrocytes”, BioEssays, 1900145.

30. Javeed, Aurya, and Giles Hooker, 2020, “Timing Observations of Diffusions”, Statistics and
Computing, 30:405-417.

31. J. Wen, P. Köhler, G. Duveiller, N.C. Parazoo, T.S. Magney, G. Hooker, L. Yu, C. Y. Chang,
and Y. Sun, 2020 “Generating a Long-Term Record of High-Resolution Global Solar-Induced
Chlorophyll Fluorescence (SIF) by Harmonizing Multiple Satellite Instruments: A Case
Study for Fusing GOME-2 and SCIAMACHY”, Remote Sensing of Environment, 239:111644.

32. Sinclair, David G., and Giles Hooker, 2019, “Sparse Inverse Covariance Estimation for High-
throughput microRNA Sequencing Data in the Poisson Log-Normal Graphical Model”, Jour-
nal of Statistical Computation and Simulation, 89(16)3105-3117.

33. Ellner, Stephen P., Snyder, Robin E., Adler, Peter B. and Giles Hooker, 2019, “An Expanded
Modern Coexistence Theory for Empirical Applications”, Ecology Letters, 22(1):3-18.

34. Goryaynov, Alexander, Nicole Kilian, Mark Lessard, Derek Toomre, James Rothman, Giles
Hooker and Jörg Bewersdorf, 2018 “Assessing photodamage in live-cell STED microscopy”,
Nature Methods, 15:755-756.

35. Wu, Yuefeng and Giles Hooker, 2018, “Asymptotic Properties for Methods Combining Min-
imum Hellinger Distance Estimates and Bayesian Nonparametric Density Estimates”, En-
tropy, 20(12):955.

https://www.sciencedirect.com/science/article/pii/S0021929020305303?casa_token=6Hg-BJi21PkAAAAA:WOkVPZIh8gkYu1S-dOXnSOLqLq6yQi3gtGG-PLHTsfSp8De1z9mJvk7DDC82_P7YthJ6HC5-
https://www.sciencedirect.com/science/article/pii/S0021929020305303?casa_token=6Hg-BJi21PkAAAAA:WOkVPZIh8gkYu1S-dOXnSOLqLq6yQi3gtGG-PLHTsfSp8De1z9mJvk7DDC82_P7YthJ6HC5-
https://www.sciencedirect.com/science/article/pii/S0021929020305303?casa_token=6Hg-BJi21PkAAAAA:WOkVPZIh8gkYu1S-dOXnSOLqLq6yQi3gtGG-PLHTsfSp8De1z9mJvk7DDC82_P7YthJ6HC5-
https://esajournals.onlinelibrary.wiley.com/doi/10.1002/ecy.3336
https://esajournals.onlinelibrary.wiley.com/doi/10.1002/ecy.3336
https://esajournals.onlinelibrary.wiley.com/doi/10.1002/ecy.3336
http://dx.doi.org/10.1111/sjos.12481
http://dx.doi.org/10.1111/sjos.12481
http://dx.doi.org/10.1214/20-AOAS1349
http://dx.doi.org/10.1214/20-AOAS1349
http://dx.doi.org/10.1214/20-AOAS1349
https://rss.onlinelibrary.wiley.com/doi/full/10.1111/rssc.12416
https://rss.onlinelibrary.wiley.com/doi/full/10.1111/rssc.12416
https://rss.onlinelibrary.wiley.com/doi/full/10.1111/rssc.12416
https://www.springer.com/gp/book/9783030363703
https://www.springer.com/gp/book/9783030363703
https://www.springer.com/gp/book/9783030363703
https://www.springer.com/gp/book/9783030363703
https://onlinelibrary.wiley.com/doi/full/10.1002/bies.201900145
https://onlinelibrary.wiley.com/doi/full/10.1002/bies.201900145
https://onlinelibrary.wiley.com/doi/full/10.1002/bies.201900145
https://link.springer.com/article/10.1007/s11222-019-09883-z
https://link.springer.com/article/10.1007/s11222-019-09883-z
https://www.sciencedirect.com/science/article/pii/S0034425720300134?dgcid=coauthor
https://www.sciencedirect.com/science/article/pii/S0034425720300134?dgcid=coauthor
https://www.sciencedirect.com/science/article/pii/S0034425720300134?dgcid=coauthor
https://www.sciencedirect.com/science/article/pii/S0034425720300134?dgcid=coauthor
https://www.tandfonline.com/eprint/SED5GVWVSEAKEDGBRKGQ/full?target=10.1080/00949655.2019.1657116
https://www.tandfonline.com/eprint/SED5GVWVSEAKEDGBRKGQ/full?target=10.1080/00949655.2019.1657116
https://www.tandfonline.com/eprint/SED5GVWVSEAKEDGBRKGQ/full?target=10.1080/00949655.2019.1657116
https://onlinelibrary.wiley.com/doi/abs/10.1111/ele.13159
https://onlinelibrary.wiley.com/doi/abs/10.1111/ele.13159
https://www.nature.com/articles/s41592-018-0145-5
https://www.nature.com/articles/s41592-018-0145-5
https://www.nature.com/articles/s41592-018-0145-5
https://www.mdpi.com/1099-4300/20/12/955/htm
https://www.mdpi.com/1099-4300/20/12/955/htm
https://www.mdpi.com/1099-4300/20/12/955/htm
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36. Tredennick, Andrew T., Brittany J. Teller, Peter B. Adler, 2018, Giles Hooker and Stephen
P. Ellner, “Size-by-environment interactions: a neglected dimension of species’ responses to
environmental variation”, Ecology Letters, 21(12):1757-1770.

37. Adler, Peter B., Andrew Kleinhesselink, Giles Hooker, Brittany Teller and Stephen P. Ellner,
2018, “Weak interspecific interactions in a sagebrush steppe: evidence from observations,
models, and experiments”, Ecology, 99(7):1621-1632.

38. Hooker, Giles and Cliff Hooker, 2018, “Machine Learning and the Future of Realism”, Spon-
taneous Generations: A Journal for the History and Philosophy of Science, 9(1):174-182.

39. Thorbergsson, Leifur and Giles Hooker, 2018, “Experimental Design for Partially Observed
Markov Decision Processes”, Journal of Uncertainty Quantification, 6(2):549-567.

40. Hooker, Giles and Lucas Mentch, 2018, “Bootstrap Bias Corrections for Ensemble Methods”
Statistics and Computing, 28(1):77-86.

41. Mentch, Lucas and Giles Hooker, 2017, “Formal Hypothesis Tests for Additive Structure in
Random Forests”, Journal of Computational and Graphical Statistics, 26(3):589-597.

42. Earls, Cecilia and Giles Hooker, 2017, “Combining Functional Data Registration and Factor
Analysis”, Journal of Computational and Graphical Statistics, 26(2):296-305.

43. Earls, Cecilia and Giles Hooker, 2017, “Adapted Variational Bayes for Functional Data Reg-
istration, Smoothing, and Prediction”, Bayesian Analysis, 12(2):557-582.

44. Liu, Chong, Surajit Ray and Giles Hooker, 2017, “Functional Principal Components Analy-
sis of Spatially Correlated Data”, Journal of Computational and Graphical Statistics, 27(6):1639-
1654.

45. Mentch, Lucas and Giles Hooker, 2016, “Quantifying Uncertainty in Random Forests via
Confidence Intervals and Hypothesis Tests”, Journal of Machine Learning Research, 17(3):1-
41

46. Hooker, Giles, James O. Ramsay and Luo Xiao, 2016, “CollocInfer: Collocation Inference
in Differential Equation Models”, Journal of Statistical Software, 75(2)

47. Hooker, Giles and Steven Roberts, 2016, “Maximal Autocorrelation Functions in Functional
Data Analysis”, Statistics and Computing, 26(5):945-950.

48. Hall, Peter and Giles Hooker, 2016, “Truncated Linear Models for Functional Data”. Journal
of the Royal Statistical Society, Series B, 78(3):637-653

49. Hooker, Giles, 2016, “Consistency, Efficiency and Robustness of Conditional Disparity
Methods”, Bernoulli, 22(2):857-900

50. Teller, Brittany J., Peter B. Adler, Collin B. Edwards, Giles Hooker, Robin E. Snyder and
Stephen P. Ellner, 2016, “Linking demography with drivers: climate and competition”, Meth-
ods in Ecology and Evolution, 7(2):171-183.

https://onlinelibrary.wiley.com/doi/10.1111/ele.13154
https://onlinelibrary.wiley.com/doi/10.1111/ele.13154
https://onlinelibrary.wiley.com/doi/10.1111/ele.13154
https://esajournals.onlinelibrary.wiley.com/doi/abs/10.1002/ecy.2363
https://esajournals.onlinelibrary.wiley.com/doi/abs/10.1002/ecy.2363
https://esajournals.onlinelibrary.wiley.com/doi/abs/10.1002/ecy.2363
http://spontaneousgenerations.library.utoronto.ca/index.php/SpontaneousGenerations/article/view/27047/21905
http://spontaneousgenerations.library.utoronto.ca/index.php/SpontaneousGenerations/article/view/27047/21905
http://epubs.siam.org/toc/sjuqa3/6/2
http://epubs.siam.org/toc/sjuqa3/6/2
http://link.springer.com/article/10.1007/s11222-016-9717-3
http://link.springer.com/article/10.1007/s11222-016-9717-3
http://www.tandfonline.com/doi/full/10.1080/10618600.2016.1256817
http://www.tandfonline.com/doi/full/10.1080/10618600.2016.1256817
http://www.tandfonline.com/doi/abs/10.1080/10618600.2016.1164709
http://www.tandfonline.com/doi/abs/10.1080/10618600.2016.1164709
https://projecteuclid.org/euclid.ba/1469553352
https://projecteuclid.org/euclid.ba/1469553352
http://rdcu.be/kJ8y
http://rdcu.be/kJ8y
http://rdcu.be/kJ8y
http://jmlr.org/papers/v17/14-168.html
http://jmlr.org/papers/v17/14-168.html
http://jmlr.org/papers/v17/14-168.html
https://www.jstatsoft.org/article/view/v075i02
https://www.jstatsoft.org/article/view/v075i02
http://link.springer.com/article/10.1007%2Fs11222-015-9582-5
http://link.springer.com/article/10.1007%2Fs11222-015-9582-5
https://authorservices.wiley.com/bauthor/onlineLibraryTPS.asp?DOI=10.1111/rssb.12125&ArticleID=3593529
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 http://link.springer.com/article/10.1007/s11749-016-0485-3
http://arxiv.org/abs/1309.6906
http://arxiv.org/abs/1309.6906
http://www.gileshooker.com/ConvolutionIdentifiability.pdf
http://www.gileshooker.com/ConvolutionIdentifiability.pdf
http://www.gileshooker.com/ConvolutionIdentifiability.pdf
http://www.tandfonline.com/doi/abs/10.1080/01621459.2013.810986?journalCode=uasa20#.Uf0h95Lktsk
http://www.tandfonline.com/doi/abs/10.1080/01621459.2013.810986?journalCode=uasa20#.Uf0h95Lktsk
http://www.gileshooker.com/FPE.pdf
http://www.gileshooker.com/FPE.pdf
http://www.springerlink.com/content/n4rx725882632635/
http://www.springerlink.com/content/n4rx725882632635/
http://www.gileshooker.com/zebra_desc2.pdf
http://www.gileshooker.com/zebra_desc2.pdf
http://www.gileshooker.com/ode_techrep.pdf
http://www.gileshooker.com/ode_techrep.pdf
http://www.gileshooker.com/ode_techrep.pdf
http://www.gileshooker.com/StanfordStatisticsSongbook.pdf
http://www.gileshooker.com/StanfordStatisticsSongbook.pdf
http://www.gileshooker.com/StanfordStatisticsSongbook.pdf
http://www.gileshooker.com/LargeSparse.pdf
http://www.gileshooker.com/LargeSparse.pdf
http://www.gileshooker.com/LargeSparse.pdf
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Hooker, Giles, 1999. “Developing a Spline-Smoothed Density”. Technical Report, Research
School of Information Sciences and Engineering, Australian National University.

Manuscripts Under Review or Revision

Zohner, Emma, Edward Gunning, Giles Hooker and Jeffrey Morris, “CLaRe: Compact near-
lossless Latent Representations of High-Dimensional Object Data”

Goldwasser, Jeremy, William Fithian and Giles Hooker, “Gaussian Rank Verification”

Wang, Xiaohan, Yunzhe Zhou and Giles Hooker, “Targeted Learning for Variable Importance”

Tan, Kevin, Giles Hooker and Edward L. Ionides, “Accelerated Inference for Partially Ob-
served Markov Processes using Automatic Differentiation”

Sapienza, Facundo, Jordi Bolibar, Frank Schäfer, Brian Groenke, Avik Pal, Victor Boussange,
Patrick Heimbach, Giles Hooker, Fernando Pérez, Per-Olof Persson and Christopher Rack-
auckas, “Differentiable Programming for Differential Equations: A Review”

Xin, Xi, Giles Hooker and Fei Huang, “Why You Should Not Trust Interpretations in Machine
Learning: Adversarial Attacks on Partial Dependence Plots”.

Warmenhoven, John, Ian Schrier, Andrew Vigotsky, Lorenzo Lolli, Paolo Menaspà, Aaron
Coutts, Maurizio Fanchini and Giles Hooker, “Synthetic data for sharing and exploration in
high performance sport”.

Goldwasser, Jeremy and Giles Hooker, “Provably Stable Feature Rankings with SHAP and
LIME”.

Ghosal, Indrayudh and Giles Hooker, “Generalized Boosted Forests”.

Sharmistha Sikdar and Giles Hooker, “Price Dynamics on Amazon Marketplace: A Machine
Learning Approach”.

Sharmistha Sikdar and Giles Hooker, “A Hidden Semi-Markov Model of Customers’ Multi-
channel Engagement Dynamics”

Software Development

Author: “AdaLoss: Adaptive-Loss Boosting”, Matlab routines.

Author: “CollocInfer: Collocation Inference in Nonlinear Stochastic Dynamics”, R functions
and Manual.

Developer: fda library in R and Matlab for Functional Data Analysis.

Author: “ProfileDE: Smoothing Methods for Nonlinear Dynamics”. Manual and Matlab Soft-
ware.

http://www.gileshooker.com/SplineSmoothedDensity.pdf
http://www.gileshooker.com/SplineSmoothedDensity.pdf
http://arxiv.org/abs/2502.07084
http://arxiv.org/abs/2502.07084
https://arxiv.org/abs/2501.14142
https://arxiv.org/abs/2411.02221
https://arxiv.org/abs/2407.03085
https://arxiv.org/abs/2407.03085
https://arxiv.org/abs/2406.09699
https://arxiv.org/abs/2406.09699
https://arxiv.org/abs/2406.09699
https://arxiv.org/abs/2404.18702
https://arxiv.org/abs/2404.18702
https://doi.org/10.51224/SRXIV.394
https://doi.org/10.51224/SRXIV.394
https://doi.org/10.51224/SRXIV.394
https://arxiv.org/abs/2401.15800
https://arxiv.org/abs/2401.15800
https://arxiv.org/abs/2102.12561
http://faculty.bscb.cornell.edu/~hooker/learnedloss.zip
http://cran.r-project.org/web/packages/CollocInfer/indevx.html
http://cran.r-project.org/web/packages/CollocInfer/indevx.html
http://cran.r-project.org/web/packages/fda/index.html
http://faculty.bscb.cornell.edu/~hooker/profile_webpages/profiling.zip
http://faculty.bscb.cornell.edu/~hooker/profile_webpages/profiling.zip
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Editorial Service

• Associate Editor, Journal of the American Statistical Association, 2014 -

• Editorial Board Member, Journal of Machine Learning Research, 2020 -

• Scientific Committee, International Workshop on Statistical Modeling, 2025, 2026.

• Program Committee, “International Conference on eXplainable Artificial Intelligence”, 2023.

• Editorial Board Member, STATS.org, 2015 - 2022

• Program Committee Member, workshop on “Machine Learning for the Developing World
(ML4D): Improving Resilience”, NeurIPS 2020, 2021

• Program Committee member, ICLR Workshop on Debugging Machine Learning Models, 2019

• Program Committee member, ACM FAT* 2019

• Associate Editor, Journal of the Royal Statistical Society, 2013 - 2015.

• Associate Editor, Electronic Journal of Statistics, 2010 - 2013.

• Program Committee member, International Workshop on Statistical Modeling, July 2009.

Professional Service

• Secretary/Treasurer, Statistical Computing Section, American Statistics Association, 2024 -
2025.

• Publications Officer, Statistical Learning and Data Science Section, American Statistics Asso-
ciation, 2023 -

• IMS representative, JCGS Management Committee, 2023 -

• Organizer, topic contributed session “New Advances in Random Forests”, JSM 2025.

• Co-organizer (w. Jeff Morris), topic contributed session “Statistical Methods at the Interface
of Statistics and Machine Learning/Artificial Intelligence”, JSM 2025.

• Webinar Committee Chair, Statistical Computing Section, American Statistics Association,
2023 - 2024

• Science at Cal Advisory Council, 2022

• Organizer, Workshop on the Interface of Machine Learning and Statistical Inference, Banff
International Research Station, January 2018.

• Co-organizer, Workshop on Distributed Data for Dynamics and Manifolds, Banff International
Research Station, September 2017.

• Co-organizer, Invited Session on “Machine Learning and Statistical Inference: Building Breiman’s
Bridge”, JSM 2017.

• Co-organizer, Cornell Day of Statistics, September 2015, 2016.

jmlr.org
https://xaiworldconference.com
www.stats.org
https://sites.google.com/view/ml4d/
https://sites.google.com/view/ml4d/
http://stat.cornell.edu/cornell-day-statistics
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• Advisory Board, Pediatric Epilepsy Research Foundation grant for “Care Management for
Pediatric Epilepsy: Predictive Modeling and Evaluation”.

• Organizer, Invited Session on “Statistical Inference with Random Forests and Related Ensem-
ble Learners”, ENAR 2015.

• Organizer, Workshop on Statistics and Nonlinear Dynamics in Biology and Medicine, Banff
International Research Station, July 2014.

• Organizer, Topic Contributed Session on “Disparities as Nonparametric Interfaces to Paramet-
ric Models”, Joint Statistical Meetings, August 2013.

• Organizer, Workshop on Recent Advances in Statistical Inference for Mathematical Biology,
Mathematical Biology Institute, 2012.

• Working group leader, “Dynamics and Inference”, SAMSI Program of the Analysis of Object
Data, 2010-2011.

• Organizer, Topic Contributed Session on “New Advances in Disparity and Divergence Methods
for Statistical Inference”, Joint Statistical Meetings, August 2010.

• Organizer, Workshop on Statistical Methods for Dynamic Systems Models, Vancouver, June
2009.

• Organizer, Topic Contributed Session on “Statistical Methods for Differential Equation Models
with Scientific Applications”, Joint Statistical Meetings, August 2008.

• Organizer, Invited Session on “Advances in Functional Data Analysis”, Joint Statistical Meet-
ings, August 2008.

• Organizer, Topic Contributed Session on “Statistics for Nonlinear Dynamics”, Joint Statistical
Meetings, August 2007.

• Organizer, Workshop on Statistical Methods for Modeling Dynamical Systems, Centre des
Recherches Mathematiques, Montreal. July 2007.

Public Engagement

Blog: Of Models and Meanings
http://blogs.cornell.edu/modelmeanings/

Australian Fulbrighter, 03/2020, “A Matter of Chance”,
https://www.fulbright.org.au/news-and-events/2020/03/a-matter-of-chance/

PBS NOVA Scientific Advisor, “Prediction by the Numbers”, 02/28/2018
http://www.pbs.org/wgbh/nova/physics/prediction-numbers.html

STATS.org 03/30/2017: Machine Learning: What journalists need to know
http://www.senseaboutscienceusa.org/machine-learning-journalists-need-know/

http://blogs.cornell.edu/modelmeanings/
https://www.fulbright.org.au/news-and-events/2020/03/a-matter-of-chance/
http://www.pbs.org/wgbh/nova/physics/prediction-numbers.html
http://www.senseaboutscienceusa.org/machine-learning-journalists-need-know/


February 13, 2025 16

STATS.org 11/15/2016: What the 2016 Presidential Election Taught us about Polling, Predic-
tion
http://www.stats.org/2016-presidential-election-taught-us-polling-predictions/

geneticsexperts.org: 12/16/2015 New analysis finds environmental factors, not random muta-
tions, contribute to majority of cancer risk
http://geneticexperts.org/environmental-factors-not-random-mutations-contribute-to-majority-of-
cancer-risk/

STATS.org 11/24/2015: Racism, redcards and rabbit holes
http://www.stats.org/racism-redcards-and-rabbit-holes/

STATS.org 08/11/2015: Online dating and the statistical dark arts
http://www.stats.org/online-dating-and-the-statistical-dark-arts/

Department and University Service
University of Pennsylvania

• Faculty Advisory Board, Wharton AI and Analytics, 2024 -

• Faculty Advisor, Concentration/Major in AI, 2024 -

• Chair, Brown Distinguished Lecture Committee, 2024-2025

• Faculty Search Committee, 2024-2025

• Faculty Search Advisor, 2025

• Chair, Faculty Search Committee, 2023-2024

• PhD Admissions Committee, 2023-2024

University of California, Berkeley
• Department Executive Committee, 2022 - 2023

• Faculty Search Committee, 2022, 2023

• Chair, PhD Admissions, 2022

Cornell University
• CALS Statistics and Data Science Curricula Task Force, 2019

• Provosts Task Force on Data Science, 2016-2017

• Faculty/Lecturer Search Committee Chair

– Statistics and Data Science: 2023
– Biological Statistics and Computational Biology: 2015, 2018
– Statistical Science/Industrial and Labor Relations: 2017, 2018

• Faculty Search Committee Membership

http://www.stats.org/2016-presidential-election-taught-us-polling-predictions/
http://geneticexperts.org/environmental-factors-not-random-mutations-contribute-to-majority-of-cancer-risk/
http://geneticexperts.org/environmental-factors-not-random-mutations-contribute-to-majority-of-cancer-risk/
http://www.stats.org/racism-redcards-and-rabbit-holes/
http://www.stats.org/online-dating-and-the-statistical-dark-arts/
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– Biological Statistics and Computational Biology: 2008, 2009, 2011, 2012
– Industrial and Labor Relations: 2011
– Statistical Science: 2014, 2015, 2016

• Ad hoc tenure committees: 2014, 2015, 2016

• Peer teaching evaluations, 2012-2017.

• Website re-design, Department of Biological Statistics and Computational Biology, 2009

• Curriculum Committee, College of Agriculture and Life Sciences, 2009-2012

Teaching

STAT 4700/5030: Data Analysis and Statistical Computing, Spring 2024.

STSCI 6940: Inference and Interpretation in Machine Learning, Spring 2023

STAT 201b: Introduction to Statistics at an Advanced Level, Fall 2022

STAT 260: Inference in Nonlinear Dynamics, Fall 2021

STSCI 6940: Multivariate and Functional Data, Fall 2020

STAT 8024: Special Topics in Applied Statistics: Machine Learning and Statistics, Aus-
tralian National University, Spring 2020.

ILRST/ORIE/STSCI 7170: Linear Models Fall 2018

BTRY/STSCI 4030, STSCI 5030: Linear Models with Matrices Fall 2016-2018

BTRY 4090: Theory of Statistics Fall 2015

BTRY 6020: Statistical Methods II Spring 2009, 2010, 2011, 2015

BTRY 7950: Graduate Student Consulting Unit Spring/Fall 2006-2008, 2011, 2014

BTRY 6520: Computationally Intensive Methods in Statistics Fall 2014

STSCI 7740: Predictive Competitions Spring 2013

BTRY/STSCI 4520/3520: Statistical Computing1 Spring 2012, 2013, 2017-2019

BTRY 6940: Inference in Nonlinear Dynamics Fall 2012

BTRY 7180: Generalized Linear Models Fall 2011

BTRY 6150: Applied Functional Data Analysis2 Fall 2008

BTRY 694: Theory of Multivariate Statistics Spring 2008, Fall 2009

BTRY 694: Statistical Learning Theory Fall 2007
1Course materials have since been used at University of Pittsburgh and Washington State University
2Course materials have since been used at Simon Fraser University, Colorado State University, Glasgow Univer-

sity, University of Newcastle, Johns Hopkins University, University of Manitoba, Chungnam National University,
Singapore Institute of Technology, Binghamton University
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BTRY 694: Functional Data Analysis Spring 2007

Math 204: Principles of Statistics II. Department of Mathematics and Statistics Winter
2005 (McGill University)

Short Courses

Interpretation and Inference in Machine Learning, Conference on Applied Statistics in Ireland,
May 15, 2023.

Functional Data Analysis: Methods and Computing, Department of Ecology, Yale University,
April 20, 2017

Functional Data Analysis: Methods and Computing, Joint Statistical Meetings, Seattle, August
8, 2015

Functional Data Analysis, International Workshop on Statistical Modeling, Glasgow, July 3,
2010

Cornell Statistical Consulting Unit Workshop: Introduction to Functional Data Analysis, Spring
2008, Spring 2009

Students
Frank Qiu PhD 2023
Graph Embeddings, Disentanglement, and Algorithm Maps

Indrayudh Ghosal PhD 2021 Amazon
Model Combinations and the Infinitesimal Jackknife

Zhengze Zhou PhD 2021 Facebook
Statistical Inference for Machine Learning: Feature Importance, Asymptotics and Stability

Hui Fen Tan PhD (with M. Wells) 2019 Facebook
Interpretable Approaches to Opening Up Black Box Models

Zi Ye PhD 2019 Microsoft
Functional Single Index Models and Jensen Effects

Yichen Zhou PhD 2019 Google Data Science
Asymptotics and Interpretability of Decision Trees and Decision Tree Ensembles

David Sinclair PhD 2017 Google: Android Analytics
Model Selection Results for High Dimensional Graphical Models
on Binary and Count Data with Applications to FMRI and Genomics
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Keegan Kang PhD 2017 Lectuer, Singapore U. Tech. & Design
Data Dependent Random Projections

Lucas Mentch PhD 2015 Asst. Prof. University of Pittsburgh
Statistical Inference with Ensemble Methods in Machine Learning

Leifur Thorbergson PhD 2014 Memorial Sloan Kettering Cancer Center
Experimental Design for Partially Observed Markov Decision Processes

Cecilia Earls PhD 2014 Lecturer, Cornell University
Bayesian Hierarchical Gaussian Process Models for Functional Data Analysis

Chong Liu PhD (BU with S. Ray) 2013 State Street Global Advisors
Functional Principal Component and Factor Analysis of Spatially Correlated Data

Mathew McLean PhD (with D. Ruppert) 2013 Postdoc with Matt Wand
On Generalized Additive Models for Regression with Functional Data

Yuefeng Wu Postdoc 2009-2011 Asst. Prof. Missouri State, St Louis
Bayesian Nonparametrics in Minimum Hellinger Distance Estimates

Maria Asencio MSc 2010 Mosaic ATM
Functional Convolution Models

Graduate Student Committees, Cornell University
** indicates substantial supervision and co-authorship.

Junke Zhang PhD 2024 Computational Biology

Sara Venkatraman PhD 2024 Statistics

Yingying Zhang PhD 2024 Computational Biology

Wentian Huang PhD 2021 Statistics

Ruqi Zhang PhD 2021 Statistics

Huijie Feng PhD 2021 Statistics

Juan Beltran PhD 2019 Computational Biology
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Sharmistha Sikdar** PhD 2019 Marketing

Aurya Javeed** PhD 2018 Applied Mathematics

Guo Yu PhD 2018 Statistics

Claudiu Dinicu MSc 2018 Statistics

Kelly Kirtland PhD 2016 Statistics

Lei Huang PhD 2016 Computational Biology

Galina Nogin MSc 2016 Statistics

Tiffany Ho MSc 2016 Computational Biology

Yanning Liu PhD 2016 Statistics

Jon Steingrimsson PhD 2015 Statistics

Muting Wan PhD 2014 Statistics

Andre Martins PhD 2014 Computational Biology

Yin Lou** PhD 2014 Computer Science

Ben Dalziel PhD 2014 Ecology and Evolutionary Biology

Xun Wang PhD 2013 Civil and Environmental Engineering

Laura de Vargas Roditi** PhD 2013 Computational Biology

Daniel Ly PhD 2013 Mechanical Engineering

Scott Asay PhD 2013 Accounting

Caitlin Cunningham PhD 2012 Statistics

Luo Xiao PhD 2012 Statistics

Nikolaus Karampatziakis PhD 2012 Computer Science

Michael Adams MSc 2011 Food Sciences
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Dennis Oransky MSc 2011 Statistics

Yingxing Li PhD 2010 Statistics

David Clement PhD 2010 Statistics

Nam Nguyen PhD 2010 Computer Science

Darrell Sonntag PhD 2009 Civil and Environmental Engineering

Kathryn Barger PhD 2008 Statistics

Daria Sorokina PhD 2007 Computer Science

Emmanuel Asaba MSc 2007 Civil and Environmental Engineering

QE Committees, UC Berkeley
@ Indicates committee chair, + informal
Jeremy Goldwasser∗∗+ 2024 Statstics

Alexander Asemota** 2024 Statistics

William Torous** 2024 Statistics

Albert Qu 2023 Computational Biology

Corrine Elliott@ 2023 Statistics

Facundo Sapienza 2023 Statistics

Michelle Yu@ 2023 Statistics

Dohyeong Kim@ 2022 Statistics

Dayu Apoji 2023 Civil and Environmental Engineering
Also Thesis Examiner
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External Examiner Service
Gabriel Laberge PhD 2024 Computer and Software Engineering

Polytechnique Montreal

Kieran Clark MSc 2023 Chemical Engineering Science
Birmingham

Christoph Molnar PhD 2022 Statistics
LMU Munich

Marie-Hélène Descaray PhD 2017 Statistics:
École Polytechnique Fédérale de Lausanne

Mara Bernardi PhD 2016 Statistics
Politecnico di Milano

Invited Talks (last 10 years)

2024
“Controlling the (ir)Reproducibility of Model Distilation”, Temple-Wells Fargo Conference on
Data Science, November 2024.

“Trees and V’s: Inference with Ensemble Models”, Binghamton University, October 2024.

“Trees and V’s: Inference with Ensemble Models”, Statistics and Stochastics, MIT, October
2024.

“There is No Free Variable Importance: Traps in Interpreting Black Box Functions”, Hunter
Valley Coal Corporation, September 2024.

“A New Understanding of Principal Differential Analysis”, Workshop on Frontiers in Func-
tional Data Analysis, Institute of Mathematical Sciences, Singapore, September 2024.

2023
“A Generic Approach to Model Distillation in xAI”, ICSDA, December 2023.

“A New Understanding of Principal Differential Analysis”, CMStatistics, December 2023.

“There is No Free Variable Importance: Traps in Interpreting Black Box Functions”, dataX
Seminar, Macquarie University, November 2023.

“There is No Free Variable Importance: Traps in Interpreting Black Box Functions”, uDASH
x Business AI Lab Distinguished Seminar, University of New South Wales, November 2023.
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“A New Understanding of Principal Differential Analysis”, Joint Statistical Meetings, August
2023.

“V-Statistics and Variance Estimation: Improved Uncertainty Quantification for Machine Learn-
ing”, Interpretable Machine Learning Seminar, LMU Munich, June 2023.

“There is No Free Variable Importance: Traps in Interpreting Black Box Functions”, Statistics
Seminar, Glasgow University, May 2023.

Keynote “There is No Free Variable Importance: Traps in Interpreting Black Box Functions”,
Conference on Applied Statistics in Ireland, May 2023.

Keynote “V-Statistics and Variance Estimation: Improved Uncertainty Quantification for Ma-
chine Learning”, Peter Hall Conference, UC Davis, April 2023.

2022
“There is No Free Variable Importance: Traps in Interpreting Black Box Functions”, Statistics
Seminar, University of Pennsylvania, September 2022.

“The Functional ANOVA and Model Explanations”, Upstart, August 2022.

“There is No Free Variable Importance: Traps in Interpreting Black Box Functions”, Biostatis-
tics Seminar, University of Washington, May 2022.

“There is No Free Variable Importance: Traps in Interpreting Black Box Functions”, Berkeley-
Davis Colloquium, April 2022.

“Ensembles of Trees and CLT’s: Inference and Machine Learning”, Statistics Seminar, Uni-
versity of California, San Diego, April, 2022.

2021
“There is No Free Variable Importance: Traps in Interpreting Black Box Functions”, Statistics
Seminar, Binghamton University, October 2021.

“Selecting the Derivative of a Functional Covariate in Scalar-on-Function Regression”, Inter-
national Conference on Advances in Interdisciplinary Statistics and Combinatorics, October
2021.

“An Introduction to Random Forests”, Introductory Overview Lecture, Joint Statistical Meet-
ings, August 2021.

“Improved Uncertainty Quantification for Random Forests and Other Ensembles”, Interna-
tional Indian Statistics Association, May 2021.

2020
“Optimal Adaptive Design of Experiments for Stochastic Dynamic Systems”, Statistics Semi-
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nar, University of Pennsylvania, November 2020.

“Ensembles of Trees and CLT’s: Inference and Machine Learning”, Statistics Seminar, Johns
Hopkins University, September 2020.

“Statistics and Dynamical Systems”, Introductory Overview Lecture with Sy-Miin Chow, Joint
Statistical Meetings, August 2020.

“Ensembles of Trees and CLT’s: Inference and Machine Learning”, Statistics Seminar, Aus-
tralian National University, May 2020.

“Ensembles of Trees and CLT’s: Inference and Machine Learning”, Statistics Seminar, Monash
University, March 2020.

“Ensembles of Trees and CLT’s: Inference and Machine Learning”, Statistics Seminar, Uni-
versity of Melbourne, March 2020.

“Optimal Adaptive Design of Experiments for Stochastic Dynamic Systems”, Neyman Semi-
nar, University of California at Berkeley, January 2020.

2019
“Ensembles of Trees and Inference Boosting, U and V Statistics”, Statistics Seminar, Temple
University, November 2019.

“Ensembles of Trees and CLT’s: Inference and Machine Learning”, Neyman Seminar, Univer-
sity of California at Berkeley, November 2019.

“Inference and Gradient Boosting”, Conference of the Israel Statistics Association, Tel Aviv,
June 2019.

“Subsample Trees and CLTs: Inference for Machine Learning”, Statistics Seminar, Tel Aviv
University, June 2019.

“Optimal Adaptive Design of Experiments for Stochastic Dynamic Systems”, Statistics Semi-
nar, Ben Gurion University, June 2019.

“Inference and Gradient Boosting”, Workshop in Celebration of Jerry Friedman’s 80th birth-
day, May, 2019.

“Boosting and Bagging and Uncertainty Quantification”, Statistics Seminar, University of
Pennsylvania, April, 2019.

2018
“Subsample Trees and CLTs: Inference for Machine Learining”, Statistics Seminar, Iowa State
University, October 2018.

“Explanations, Interpretation, Uncertainty Quantification”, Machine Learning in Medicine Sym-
posium, Cornell University, September 2018.
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“An ODE to Statistics: Inference about Nonlinear Dynamics”, PIMS-IAM Distinguished Col-
loquium, University of British Columbia, January 2018.

2017
“Testing Curvature in Functional Single Index Models: Inference for Ecological Reaction
Norms”, Joint Statistical Meetings, August 2017.

“Subsample Trees and CLTs: Inference for Machine Learining”, Statistics Seminar, Imperial
College London, May 2017.

“Subsample Trees and CLTs: Inference for Machine Learining”, Statistics Seminar, Notting-
ham University, May 2017.

“Decision Trees and CLT’s: Machine Learning and Ecological Inference”, Ecology Seminar,
Yale University, April 2017.

“Tests for Lack of Fit and Missing State Variables in Ordinary Differential Equation Models”,
Statistics Seminar, University of Cyprus, April 2017.

“Subsample Trees and CLTs: Inference for Machine Learining”, Statistics Seminar, University
of Cyprus, February 2017.

2016
“Subsample Trees and CLTs: Inference for Machine Learining”, Statistics Seminar, Simon
Fraser University, November 2016.

“Truncated Linear Models for Functional Data”, Royal Statistical Society Meetings, JRSSB
Editors Invited Session, September 2016.

“On the Range of Integration of a Functional Linear Model”, CRoNoS Workshop on Functional
Data Analysis, August 2016.

“Testing High Dimensional Interactions with Random Forests”, COMPSTAT, August 2016.

“Testing High Dimensional Interactions with Random Forests”, International Chinese Statistics
Symposium, July 2016.

“Three Unidentfiable Problems in Functional Data Analysis”, Workshop on Functional Data
Analysis, Les Diablerets, May 2016.

“Subsample Trees and CLTs: Inference for Machine Learining”, Statistics Seminar, Temple
University, February 2016.

2015
“Tests for Lack of Fit and Missing State Variables in Ordinary Differential Equation Models”,
York University, October 2015.
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“Tests for Lack of Fit and Missing State Variables in Ordinary Differential Equation Models”,
University of Michigan, September 2015.

“Modeling Covariance in Functional Data Analysis”, Joint Statistical Meetings, August 2015.

“An ODE to Statistics: Inference for Nonlinear Dynamics”, Statistics Seminar, Syracuse Uni-
versity, January 2015.

“Subsample Trees and CLTs: Inference for Machine Learining”, Biostatistics Seminar, Weil
Cornell Medical College, January 2015.


